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Design of Personal Health Information Management and
Privacy Protection System Based on ZigBee

YE Gui, YANG Yang, ZHANG Linjing, ZHU Min
(Department of information Management, Anhui Vocational College of Police Officers, Hefei 230031, China)

Abstract: With the acceleration of aging in our country. the issue of old-age care for the elderly has been widely concerned and
valued by the society. Smart old-age care is widely used in nursing homes, but it is currently impossible to monitor the physical health
status of every elderly in real-time. In order to effectively solve the above problems, a ZigBee-based monitoring system for the charac-
teristics of the elderly was designed. The system is divided into three main modules: data acquisition, network transmission and appli-
cation analysis. In the system design, portable ECG sensors, respiratory wave sensors, body temperature sensors and heart rate sen-
sors are used to collect the characteristic data of the elderly. The collected data is transmitted to the server through the ZigBee wire-
less sensor network, and then the data is processed by the application software and algorithms, analysis and management, thus ensu-
ring that the physical information of the elderly in the nursing home is monitored in real time. The experimental results show that the
functions of data collection, transmission, analysis and other modules of the terminal and various sensors designed by the system are
realized, and the system analyzes the collected information to predict the health status of the elderly, and the prediction evaluation in-
dex RMSE is 0. 037 1. The real-time health monitoring of the elderly is realized, and the health problems of the elderly are effectively
protected.

Keywords: physical sign monitoring; ZigBee; transformer; wireless sensor network; internet of things
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